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ROBOT MAY NOT INJURE A HUMAN

SEING OR, THROUGH INACTION, ALLOW
HUMAN BEING TO COME TO HARM

g
. .
k) L
LAW II

. +AROBOT MUST OBEY ORDERS GIVEN
IT BY HUMAN BEINGS EXCEPT WHERE
SUCH ORDERS WOULD CONFLICT
WITH THE FIRST LAW. °

Law [IN

A ROBOT MUST. PROTECT IS QWN
EXISTENCEAS LONG AS SUCH
PROTECTION DOES NOT CONFLICT
WITHZBHE FJRST OR SECOND LAW. **
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alicedmedia.blogspot.com
https:// www.theverge.con2016/10/5/13160546/irobot-folio-society

edition-illustrationsart-isaacasimov


http://alicedmedia.blogspot.com/2012/09/g321-thriller-research-title-sequences.html
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ten-principlesof-robot-law/

Japanos nTen Pr. i nsI p-Ive's

- g |

"“ROBOT

S iy KINGDOM
. Robotsshallneverkill or injure humans Japan, Mechatronics, and

the Coming Robotopia

1

2

3. Robotsshallcallthe humanthat createsthem dfatherd =~ ==o=
4. Robots carmakeanything exceptmoney | -
5
6

. Robotsmustservemankind

. Robotsshallnevergoabroadwithout permission

. Male andfemalerobotsshallneverchangeroles.
7. Robotsshallneverchangethier appearancer assumeanother
identity without permission
8. Robotscreatedasadultsshallneveractaschildren
9. Robotsshallnot assembleother robotsthat havebeenscrapped
by humans
10. Robotsshallneverdamagehumanhomesor tools.
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https://akikok012um1.wordpress.com/japans-ten-principles-of-robot-law/

Judeo-Christian monotheism also ’
adheres to the doctrine that only God can W
give life ? ‘

é any human who breathes life into an
Inanimate object Is assuming the role of
God and thereby becoming a false idol.
Such a blasphemer deserves
punishment, and in the conventions of
science fiction, this usually comes in the
form of betrayal by the robots.

https:// www.technologyreview.coms/421187Mwhy-japaneselove-robots-and
americansfear-them/ 3




A 1Japané t h e ycoltuelly open to robots, on account of

animism. They d o nnéake a distinction between inanimate objects
and humans. o

Animism Is a component of the Shinto
faith, the religion that preceded the
iIntroduction of Buddhism to Japan and
remains an influential part of the

C 0 U n tcultyréd Animism is the notion
that all objects have a spirit - even man-
made objects

https:// www.technologyreview.coms/421187Mwhy-japaneselove-robots-and
americansfear-them/ 3




Consequences

It Isveryhardto specifydirectlyvalued
becausdhere areinfinitely many
undesirableoutcomesin anopen

world.




| y Theymimic US (someexample}

AEugeneGoostmana chatbot passedthe Turing
Test

A7 June2014.Portrayedas being a 1:yearold boy
from OdessaUkraine, who has a petiinea picand a
father who is ajynaecologist

AChat bots in human beings social networks
A Simulated a person on Tinder.

AAlphabet chairman says Google Duplex passes
Turing test in one specifivay (2018)

ACleverbotin 2011X
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https://en.wikipedia.org/wiki/Odessa
https://en.wikipedia.org/wiki/Guinea_pig
https://en.wikipedia.org/wiki/Gynaecologist

Learning

Facebooknd Stanford

researcherslesigna chatbotthat
learnsfrom its mistakegJanuary
17, 2019)




Learning

Can neurahetwork computerslearnfrom
experience andif so,couldthey everbecome
what we would call'smart? Andcouldtwo
different neuralnetworksteacheachother
what they know, thereby makingeachother a
better network?

https://www.scientificamerican.com/article/ca
n-neuraknetwork-comput/ October2019



https://www.scientificamerican.com/article/can-neural-network-comput/

> SomeanswersX

ANeural network computerscanlearnfrom each
other

Alts 'smartnessis confinedto a singletask whichis
not what 'smart typicallyimplies

AWhile the network maybe capableof assimilating
the old andthe new knowledge this would in all
likelihoodrequirethat the networkre-learnboth
the old andthe new concepts




HasSkyneteenborn?

AKAIROS, shofdr Knowledgedirected Artificial
IntelligenceReasoning@verSchemas

Learning Time Run Time

Bottom-up Schema Learning Schema

Using 1%t and 2" Wave

Top-Down Contextual Inference
& Temporal Reasoning

Methods Using New Methods
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aladdin

by BLAC KROCK®

It is an electronic system by BlackRock Solutions, the risk
management division of the largest investment
management corporation, BlackRock, Inc. In 2013, it
handled about $11 trillion in assets (including BlackRock's
$4.1 trillion assets), which was about 7% of the world's
financial assets, and kept track of about 30,000 investment

portfolios.

AAladdinhasan effecton the managemenbf aroundten per cent othe
g 2 NJinarRialassetsor around$20trillion. Over25years it hasgrown
Into a systemthat is directlyor indirectlyresponsibldor morethan four
timesthe valueof all the moneyin the world® €



https://en.wikipedia.org/wiki/Investment_management
https://en.wikipedia.org/wiki/BlackRock

Canwe makeartificial
Intelligenceethical?

/4

oThesoonerwe come toan understandingdf Althat
ensurests powerfulcapabilitiesare a net positivéor
peopleandworkers the morewiselywe candevelop
anddeployit. Andthe moretalentedyoungpeople
from all disciplinesve train to think criticallyabout
Al,the morewe canguaranteeour leadershign this
vital areafor the longtermée

WEDNESDAY, JANUARY 23, 2019

$300M MIT
150M Oxford Blackstone Chairman, CEO and Co-Founder

Stephen ASchwarzman
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IntelligentNudgesn Al
B humu

UniqueInsights

| dzY deQghtscombinethousandsof employeedata
Inputs tofocusteamson the actionsthat matter most
NudgeEngin&®
Humu'sNudgeEngin&®deliverspersonal achievable
suggestionshat makeeveryemployeea changeagent
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Rootingin emotionsX

Emosparks anemotionally-aware Al consolefor the
home

A DISCOVER EmoSPARK is an artificial intelligence

_ console created in London, United
REVOLUTION = Kingdom by Patrick Levy-Rosenthal.
s g ieiss: R The device uses facial recognition and
e e E’ language analysis to evaluate human
revrrs oo vs emotion and convey responsive content
: according to the emotion
EMOS=ARC
worme @n O

2007




Emotionalntelligence

AAffectivadevelopssoftwarethat
understandsLJS 2 Lém6&tioral
and cognitivestatesby analyzing
their facialexpression
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Computational
creativity

Helping humans

Understandin
. understand them

humans



https://medium.com/@mark_riedl/human-centered-artificial-intelligence-70b019f956d1

Understandindumans

commonsense
and
corrupted reward)




¢ AlSystemsielpingHumans
~ Understandrhem

AAI Rationalization(lt is our hypothesisthat Al
rationalizationwill promote feelingsof trust,
rapport, andcomfort in nonexpertsoperating
autonomoussystemsand robots)

A Neural MachindranslationApproachto Generating
Natural LanguageExplanations

https://arxiv.org/abs/1702.07826



https://arxiv.org/abs/1702.07826






https://www.nvidia.com/en-us/research/ai-playground/

Commonsense
and '\
corrupted reward)

We canteachmoralsto robotsby
telling them stories?

TECNIO >



Usingstoriesto generatea value-aligned

rewardsignalfor reinforcementlearning

agentsthat preventspsychoticappearing
behavior

https://www.cc.gatech.edu/~riedl/pubs/aaaethics16.pdf



https://www.cc.gatech.edu/~riedl/pubs/aaai-ethics16.pdf

Storiesencodemanytypes of
socioculturalknowledge commonly
sharedknowledge sociaprotocols

examplesof proper andimproper
behavior, andstrategiesfor coping
with adversity
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Humandearnsocioculturavaluesby
beingimmersedwithin a societyand
a culture Whilenot all humansact
morallyall the time, humansseemto
adhereto social and culturahorms
more often than not without
receivingan explicitlywritten down
set of moralcodes
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Anintelligententity mustlearnto
alignits valueswith that of humans
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Storytellings a strategyfor
communicatindgacitknowledge
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Useof reinforcementlearningto
control agentbehavior and
computationalreasoningabout
narratives




Reinforcementearning(RL)sthe
problemof learninghowto actin a
world so as tanaximizea reward
signal




Deepreinforcementearning

Many believeRL, especiallywhen
combinedwith deepneural
networksto predictthe longterm
valueof actions maybe part of a
frameworkfor artificial general
Intelligence
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ComputationaNarrative. .
Intelligence

Narrativeintelligenceis the the ability to
craft, tell, andunderstandstories

https://arxiv.org/pdf/1806.06877.pdf <



https://arxiv.org/pdf/1806.06877.pdf

S AutomatedStoryGenerator

A processf findinga sequenceof events
that are consistentwith the modelthen
translatingabstracteventsinto natural

language

L
-y
g S
k =4 o
N o )
N E" )

o
TECNIO  * |} *



Scheherazadsystemfrom avalue
alignmentperspectivebecauseof
the ability to learna procedural

understandingdf how a story about

a particulartopic canunfold without
a priorihand-codedknowledge
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Valuealignmentin a
relnforcementlearnlngagent
theoreticallycan beachievedoy
providingthe agentwith areward
signalthat encouragest to solve
a givenproblemanddiscourages
It from performinganyactions
that would be considered
harmfulto humans




Quixote
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Exerr!plar A trajectory Trajectory tree
Crowd stories A plot tree with events assigned T T -
workers graph reward values

A policy
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AutomatedMeasures

Totest that automatedmeasures
correlatewith humanjudgmentswe
comparethe scoresour algorithms
produce tothe scoresirom the
humansubjectstudy
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Evaluatiorof storygeneration
systems

AGrammaticality

ANarrative Productivity O iaterestinglanguagé | Y R
cavoidingrepetitiore 0

ALocalContextuality (capturedifferencesin context

betweenadjacentsentence$. Ex:Sent2Vec
measure

ATemporaIOrderlng(temporalorderlngBayeS|an
estimatel V' R & U S ofdeé@niiresulty

https://www.cc.gatech.edu/~riedl/pubs/purchaiide18.pdf



https://www.cc.gatech.edu/~riedl/pubs/purdy-aiide18.pdf
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